N T
545 B4 72 # W OfE ¥ R Vol.45 No.Z2
2024 411 H Journal on Communications November 2024

PR RIERE BRI & A FIR BN A

REAL', kb
. BT REHE G, B 200435; 2 B RBUE RS B A=, 1§ 2016200

 OE: RRWIEAER (RAG) HRM G NSMEE SR, L KRB A Uy [ SRR BE R 8 /7, AT AR A S
SCRTEER I, AR REE I N RS . EA R T ORI R AR SRR AN GO R R A B, R TR
PR B8 o A e AR i AR U P R G (AR SR, 128 T HESE el AR I SR . SOpide 2y . 400 b Bml &
A AR AR IR DL IC SCAS o A 4 75 1) AR BRI 25 7S 8 73 4 . B3 2 T ERNIE-4.0 KAR AL FI AppBuilder JF 41
a, BItIPR T — Al EE SRS R R R, JFad 7 ARSI,

KR KIESHRA, RN R AMEIREE: BaEnE RR

FESES: TP391.1

XEFRERD: A

DOI:10.11959/j.issn.1000-436x.2024227

Development of local knowledge base application using
retrieval augmented generation technology

ZHU Junyi', ZHU Shangming®

1. Shanghai Muniplitical Data Center, Shanghai 200435, China
2. Informatization Office, East China University of Political Science and Law, Shanghai 201620, China

Abstract: Retrieval Augmented Generation (RAG) technology can enable large language models to access external
knowledge bases by introducing external documents, thereby large language models can generate more authentic and reli-
able answers, and effectively solve the problems of outdated data and insufficient corpus. On the basis of introducing the
basic architecture and fine-tuning techniques of large language models, the application framework of using retrieval en-
hanced generation technology to build a local knowledge base system was discussed. The application framework con-
sisted of six parts: loading local documents, splitting documents, embedding splitting fragments, matching text based on
questions, constructing prompts, and generating responses. Finally, based on the ERNIE-4.0 model and the AppBuilder
development platform, an intelligent question answering system for campus information services was designed and de-
veloped, and a specific implementation was provided.
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