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Abstract: To solve the problem of obtaining effective information from the vast amount of campus information for teach-
ers and students, an intelligent campus question answering (QA) system based on RAG was designed. An approach that
integrates large language models and domain knowledge for QA system construction was proposed, relying on the cam-
pus’s Everything You Need to Know project, and using campus information such as procedural guides, frequently asked
questions, and normative documents as an external data corpus. A campus knowledge database was constructed, with the
RAG Infinity database. To improve the retrieval efficiency of domain knowledge and the accuracy of answers, the
prompt approach was proposed. Using RAG for campus QA, the system provides users various service information in an
interactive manner, which helps to solve common campus issues, simplify the consultation process for teachers and stu-
dents, and alleviate the burden on campus management, and enrich campus knowledge resources.
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