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Abstract: In the era of Web 2.0 as the representative of online social network, the requirement of Web search has been far
beyond the ability of Web 1.0 search engines, for that data has a pattern of polymorphism, rapid generation, dynamic in-
teraction, fragmentation, change and other characteristics, these new features to search engine technology has brought
revolutionary and subversive challenges. The research progressed technical essentials of online social network search are
induced. Three main contents of OSN smart search were studied, including the understanding and reasoning of the wis-
dom and knowledge, the understanding and the expression of user's real intention, and online response of user’s real in-
tention. And then, the key technologies and the development trend of online social network search are discussed.
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