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Abstract: In order to detect mild cognitive impairment (MCI) using functional magnetic resonance imaging (fMRI), a
method based on fMRI clustering was proposed fMRI data were clustered to obtain the blood oxygen level depend-
ence( BOLD) change model of MCI patients, then abnormal patterns were used to detect disease. The traditional spectral
clustering algorithm needs to calculate all of the eigenvalue and eigenvector, so time and space complexity is higher. An
improved spectral clustering method was proposed which modified the similar matrix construction method and the setting
method of ¢ and k, and then this method was applied to clustering and detection of MCI patients. To verify the perform-
ance of the proposed method, the comparison of the clustering result, classification accuracy using traditional algorithm
and Nystrom is also done. The comparative experimental results show that the proposed method can get BOLD pattern
more accurately, the accuracy of MCI detection is higher than the other two algorithms, and the time and space complex-
ity are less than the traditional algorithm.
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