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Improved shuffled frog-leaping algorithm based
network community detection method

WANG Tong, ZHAO Xin-lin

(College of Information and Communication Engineering, Harbin Engineering University, Harbin 150001,China)

Abstract: Existing community method aims to divide nodes into a community mechanically. In a real network, it will
reduce the classification accuracy greatly for the low active users, while increasing the time complexity. It has small sig-
nificance. Therefore, this paper will combine shuftled leap-frog algorithm with community detection method. It will ex-

tract active users by sorting on properties of frog, so as to improve the efficiency of division. Experimental results show
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that the method has good performance.
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