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Abstract: To address the weakening audio-visual artifacts and the difficulty in capturing emotional inconsistencies in
high-quality deepfake videos, this paper proposes AVEmo, a multimodal deepfake detection method based on audio-
visual emotional consistency, which explores cross-modal forgery cues from both emotional content and dynamic varia-
tion. AVEmo extracts facial expression and speech emotion features, and models emotional content consistency and tem-
poral synchronization through cross-modal attention. A multi-task learning strategy is further adopted to jointly optimize
authenticity classification for the audio, visual, and audiovisual fusion branches, thereby enhancing the model’s ability
to identify cross-modal emotional anomalies. Cross-dataset evaluation on five selected generation subsets of HiFi-AVDF
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