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Abstract: As artificial intelligence-generated content (AIGC) deepfakes expanded toward multimodal generation, cross-
platform dissemination, and regeneration attacks, passive detection alone became insufficient for provenance verifica-
tion. Firstly, studies on pre-generation protection, generation-side identifiers, content credentials, evidence preservation,
and collaborative verification were reviewed along a content-lifecycle evidence chain. Secondly, representative methods
were compared in terms of functional objectives, validity conditions, supported claims, and failure boundaries. Under dis-
semination perturbations, different types of evidence were found to be retained, degraded, lost, or placed in conflict. Fi-
nally, cross-platform evidence preservation, multimodal consistency, and dynamic adversarial evaluation remain key re-
search directions.
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