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Abstract: To address the problem of quality misattribution caused by prediction error propagation and environmental
confounding in no-ground-truth Mobile Crowdsensing (MCS) scenarios, a Causal-Enhanced Deep Spatio-Temporal
Truth Discovery framework (CE-DSTTD) was proposed. The framework consisted of two components. The first was a
Multi-Scale Spatio-Temporal Transformer prediction reference generation module (MSTT), which generated stable pre-
diction references to mitigate error propagation. The second was a deconfounding correction module, which constructed
a Structural Causal Model (SCM) for quality assessment and drove the Causal-Enhanced Prediction-Referenced Bias-
aware Truth Discovery algorithm (CE-PRBTD) to perform deconfounding correction on quality scoring and reputation
updating. Experimental results showed that the proposed method outperformed the comparison methods in terms of low-
quality user identification F1 score, reputation discrimination, and noise reduction, and exhibited good robustness in

cross-domain scenarios. The proposed method can enhance the robustness and rationality of quality assessment in no-
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ground-truth MCS scenarios.
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